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Abstract

Today, time series data are predicted using various methods. The main technique currently used to
identify a time series has been adjusting the coefficient parameter in order to minimize the disparity
between predicted data values. This is a logical method from the viewpoint of time series data
prediction, but it does not suit the needs of economic time series prediction. With economic time
series, like stock index data, the final goal of prediction is to invest more efficiently. To accomplish
efficient investment, it is more important to raise the hit ratio in predicting the direction of price
changes rather than to minimize the incongruity in data trends.

This research uses Support Vector Machines (SVM), a method of pattern recognition, and the
direction-of-price-change hit ratio, as an index for evaluating economic time series data prediction.
The empirical results detailed in this thesis reveal that short term or midterm predictions by SVM are
useful for index investments. This method can be generalized for investing in many different financial

institutions.
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