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Abstract

There are many research about predicting stock prices using text mining, but there is no signif-
icant research. In many research, they use all kinds of news as text sources, and there is no work
using specific kind of news. I supposed that using all kinds of news is not good for predicting
stock prices. In this research, I proposed methods to predict the trend of stock prices by SVMs
using news articles on foreign exchange broadcast on the web.

I proposed four methods with the system. First of all, I use the news broadcast by stock company
which used by investors, restricted to regular news of foreign exchange rate. This is because the
investors are the ones who move stock prices and the news they use are not popular newspaper,
they use special news. Secondly, I use the title of the news not article, to convert to feature vector
by Bag-of-Words. I supposed that there are many noises in articles and the title would be express
contents more brief. Thirdly, I filtered some parts of speech based on morphological analysis
program ‘MeCab’ with IPA dictionary. This is for removing stop words from feature values by part
of speech, not term itself. At last, I set lower bound and upper bound as thresholds to frequency
of terms for filtering feature values, and whenever the frequency of term is out of bound, it will
be removed from feature values. This is a language independent method for removing stop words
and rare words.

I did some experiments changing the combination and parameters of proposed methods to pre-
dict the trend of issues which chosen for the Nikkei 225 index. As the result, I confirmed efficacy
of all proposed methods. For the threshold of frequency of terms, it was best to set 0.06 for the
lower bound and 1.0 for the upper bound.

But last of all, the premise of this research, “The export and import companies are affected
by foreign exchange rates, domestic demand companies are not.” was partly negated. It means
that there is a need for future research with the relationship between foreign exchange rate and

individual issues of stock.
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