Robust computation of optimal transport by [S-potential regularization
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One-class SVM [§] 498 +1.8%  50.0£0.1%
Local outlier factor [9] 492 £3.8% 99.2 £ 0.1 %
Isolation forest [10] 50.7 £102 %  65.5+4.4 %
Elliptical envelope [11]  79.9 + 7.0 % 80.0 = 4.6 %
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