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Recently, with the advent of portable devices such as smartphones, “context-aware
services” that support the work and everyday life are greatly expected. Context-aware
services are essential to understand the user’s every 24 hours behavior. I focus on Twitter
now widely used around the world for analysis of user behavior context. “Geotag”’, a
feature of Twitter, stores the user behavior history so we can analyze user behavior context.
In this study, geotag from Twitter is used to estimate the scope and patterns of user
mobility. I aim to analyze user behavior context with clustering based on time, location
and text of geotagged Tweets. Clusters labeling is based on the contents of Tweets as well.
In the experiment, it was confirmed that clustering can be more accurate using time and
text content than criteria. When using time and text, average error improve 100 meter
comparing with using only location. As a result, using 700 or more geotagged Tweets,
it is possible to estimate user behavior with some degree of error. In futre work, I try
to improve the precision of clustering and labeling, and make some application which use

human behavior data from my method.
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