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An information system to support electricity trading process by electric power retailers was developed. In more

detail, the system forecasts future electric demand and price, and evaluates a user’s procurement plan on the basis

of the forecast. By repeating the loop of the user’s input and the system’s evaluation, the system supports the user’s

decision making to make the procurement plan. As for the evaluation index, the system provides average and
deviation of the procurement cost. In case study, the basic function to forecast future’s electric demand and price is

validated, and simple demonstration shows how the system works to support the user’s decision making.
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Fig. 1 Activity diagram of electricity trading
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Table 1 Evaluation result of electric forecasting

Parameter Result
Average RMSE 129
Maximum RMSE 155
Minimum RMSE 119

Table 2 Evaluation result of JEPX spot price

forecasting
Parameter Result
Average RMSE 3.14
Maximum RMSE 3.73
Minimum RMSE 2.61
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Fig. 3 Necessary electricity amount for procurement
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Electricity Price in Each Transaction
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Fig. 4 Electricity price in each transaction
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Fig. 5 5 candidates of procurement plan
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Fig. 6 Average and range of possible procurement costs
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